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Abstract

The development of Web 2.0 and social media has led to the explosive growth of online user generated content. Big data
brings a new opportunity for social governance, but also poses a great challenge for the data processing technology.
A social event sensor system was constructed, which not only can automatically extract the daily hot events and their
emotion distributions in real time for opinion monitoring, but also can deeply analyze the emotion distribution causations
and the population distributions to help policy-making in social governance. Finally, one case study “9.3 Parade” was

showed to show the deeply analysis of social event sensor system.
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